The economic and social drivers of democratisation and the emergence and establishment of democratic institutions are longstanding themes of academic discourse. Within this broad body of literature, it has been argued that the process of urbanisation is also conducive to the emergence and consolidation of democracy through a number of different channels. Cities offer better access to education and facilitate organised public action and the demand for more democratic rule and respect of human rights. The nexus between urbanisation and human rights is the theme that is taken up in the present paper. Using a sample of 123 countries for the period 1981-2011, the paper examines empirically the association between urbanisation and human empowerment using the Cingranelli-Richards Index. In broad terms, the findings reported herein do not point to a strong nexus across all income groups. Nevertheless, there is evidence suggesting the presence of such a statistically significant positive association in specific cases.
Introduction
The ongoing process of urbanisation and its multidimensional and interlinked economic, social and political effects have attracted considerable attention by a steadily growing body of multidisciplinary literature (Wheaton & Shishido 1981; Krugman 1991; Henderson 2003; Portes & Roberts 2005; Castells-Quintana & Royuela 2014; Cohen 2014) . Both rural push and/or urban pull factors have been used to explain the urbanisation process (Jedwab, Christiaensen & Gindelsky 2017) . A central theme of the literature on its effects, is the nexus between increasing urban agglomeration and growth performance through the beneficial impact on productivity (Bertinelli & Strobl 2007; Brülhart & Sbergami 2009; Frick & Rodríguez-Pose 2018) . Other studies have focused on the social and political aspects of the effects and determinants of urbanisation such as inequality, democratisation, poverty, and conflict (Christiaensen, Weerdt & Todo 2013; Anthony 2014; Castells-Quintana & Royuela 2014) . For instance, findings reported by K. Sekkat (2017) indicate that the poverty reduction effects of urbanisation are conditional upon the size of cities, with big or very big urban concentrations having no effect on levels of poverty. Results by C. Oyvat (2016) indicate that over-urbanisation increases income inequality.
Within this broader strand of the literature, recent papers have focused on the nexus between urbanisation and democracy (Barnett 2014; Glaeser & Steinberg 2017) . As C. Barnett (2014) observes, the urbanisation and democratisation nexus, and in particular the question of whether the process of urbanisation promotes democracy, is a comparatively under-researched area. Building on these contributions, this paper addresses a related question. It examines the presence, or lack of such, of a nexus between urbanisation and human rights. To this effect, it uses the Cingranelli-Richards Index (henceforth CIRI) of human empowerment (Cingranelli & Richards 1999 . The CIRI index has been widely used in studies that examine human rights and empowerment (Clark & Sikkink 2013; Clark 2014) .
Within the broader literature that postulates a strong positive association between urbanisation and the emergence of democratic institutions, the objective of this paper is to address empirically the nexus between urbanisation and human rights. The relationship between the two variables is examined on a global level using a sample of 123 countries over the period 1981-2011. The time period chosen was dictated exclusively by the availability of the CIRI data series. Following standard preliminary checks for cross-sectional dependence, and tests that determine the order of integration between the variables, time-varying Granger causality tests are used in order to probe the issue at hand.
The structure of the paper is as follows. A brief discussion of the issues on the drivers of democratisation can be found in the section that follows. The data used and its descriptive statistics are presented in section three while the methodology employed and the findings are presented and discussed in section four. Section five concludes the paper.
Urbanisation and human empowerment
A rather hefty and steadily growing body of theoretical and empirical literature, the roots of which can be traced back to Aristotle, addresses and debates the economic and social drivers of the democratisation process, and the emergence and consolidation of democracy and democratic institutions that augment and guarantee human rights (Barro 1999; López-Córdova & Meissner 2005; Glaeser, Ponzetto & Shleifer 2007; Papaioannou & Siourounis 2008; Sommer & Asal 2014) . As N. Thede (2009) observes, democratisation, development and human rights are complementary processes with complex interactions amongst themselves. For instance, the modernisation hypothesis postulates that educated and prosperous societies form a fertile environment conducive to the emergence of democracy (Lipset 1959 (Lipset , 1994 . A central proposition within the modernisation theory is the causal nexus between per capita income and democracy (Huntington 1991; Rueschemeyer, Stephens & Stephens 1992; Huntington 1993; Barro 1999) . This is a thesis strongly challenged by the findings of D. Acemoglu et al. (2008) indicating that despite the strong positive correlation between the two, there is no strong evidence pointing to a causal nexus between income per capita and democracy. On the other hand, results reported by E. Papaioannou & G. Siourounis (2008) suggest that democratisation is more likely to take place in educated and affluent societies with economic development and education emerging as important drivers and determinants of democratic transitions. Others have examined the possible effects that the deepening process of globalisation has on national democratic governance (Li & Reuveny 2003; López-Córdova & Meissner 2005; Eichengreen & Leblang 2008; Ardalan 2011) . For example, the findings of B. Eichengreen & D. Leblang (2008) suggest positive bidirectional links between globalisation and democracy. A positive but not universally applicable impact of globalisation on democracy is also the finding reported by C. Kollias & S. M. Paleologou (2016) .
Within this broader discourse on the drivers of democratisation, it has been argued that urbanisation is also conducive to the emergence and consolidation of democracy and democratic institutions. E. Glaeser & B. Steinberg (2017) point to three channels through which urbanisation can potentially facilitate political change and democratic transition in countries. They argue that urban centres, due to the agglomeration of citizens, have the potential to act as facilitators to organised public action and render popular uprisings and protests more effective. Cities also enable the organised demand for more democratic rule and human rights or, as suggested by C. Barnett (2014) , cities allow for coordinated action by citizens and communities around common interests including demands for increased human rights such as workers and women's rights, respect of ethnic and religious minorities. Cities also form a fertile ground where social capital can flourish and assist in the establishment and enhanced operation of democratic institutions in the broad context described by Alexis de Tocqueville in his work Democracy in America (Ferragina 2010 (Ferragina , 2013 . In a similar vein, R. Barro (1999) argues that cities offer an environment that facilitates the communication and coordination between citizens. Collective forms of action such as trade unions are obvious mechanisms through which democratic improvements and human empowerment can be augmented and strengthened. Nevertheless, R. Barro (1999) also stresses that a reverse effect can be the case. In comparison to the countryside, an autocratic or authoritarian government can better monitor and control, if needed, citizens and their activities in cities 1 .
As pointed out in the preceding section, the present paper builds on this literature on the association between urbanisation and democracy. In particular, it examines the possible nexus between urbanisation and human empowerment. The CIRI index of human rights allows for a slightly different angle of approach into the issue at hand. CIRI offers a measurement of government respect of human rights across a spectrum of different indicators that encapsulate the various dimensions and spheres of respect (or the absence of it) for human rights. For instance, they include indicators for freedom of speech and religion, workers' rights, women's economic, social and political rights, independence of the judiciary, electoral self-determination (Cingranelli & Richards 1999 . For the purposes of our investigation, we use two main indicators included in the CIRI dataset. The Physical Integrity Rights Index and the Empowerment Rights Index (henceforth PHYS and EMP respectively). The former -i.e. PHYS -is an additive index constructed from the Torture, Extrajudicial Killing, Political Imprisonment, and Disappearance indicators that are contained in the CIRI dataset. Its values range from zero (0) in the case of total absence of any respect by the incumbent government for these four different rights to eight (8) that indicates full 1. The former Soviet Union can be cited as such an example. On the other hand, there have been regimes such as the Khmer Rouge in Cambodia that imposed more brutal rule in rural rather than urban areas.
respect. The second index, the Empowerment Rights Index (EMP), is also an additive index. It is constructed using seven different sub-indexes: Freedom of Speech, Freedom of Assembly & Association, Freedom of Religion, Workers' Rights, Electoral Self-Determination, Foreign Movement and Domestic Movement. Its values range from zero (0) indicating the absence of any government respect for these seven rights, to fourteen (14) in cases of full respect by the government for these seven individual rights. The association between urbanisation and human empowerment as encapsulated by these two indices is examined on a global level using 123 countries over the period 1981-2011. In the section that follows, the descriptive statistics of the data are shown before we proceed with the empirical investigation.
The data
For the purposes of the empirical examination that follows, two urbanisation metrics are used drawn from the World Bank's World Development Indicators database. The first is the urban population of each country in the sample used here expressed as a percentage of the total population (henceforth URB). On a world level, in 1981, the population living in urban areas was estimated to be 39.7% of the total population. By 2011, the end year of our sample period, it increased to 51.9%, a testament to the ongoing global trend to urbanisation. The second urbanisation metric used herein is the percentage of the total population living in cities with more than one million inhabitants (henceforth URBM). Just as one would expect, this percentage has also increased on a global scale, from a world average of 16.7% in 1981 to 21.9% by 2011. As already mentioned, the sample consists of 91 countries 2 . However, the postulated relationship between urbanisation and human empowerment as encapsulated by the two CIRI series may not be uniform across all countries given their wide variety of attributes and characteristics. For instance, the nexus may differ depending on the level of development. Hence, in the empirical tests that follow in the next section, it was decided to allow for this. The sample, containing 123 countries, was split into sub-samples where countries were grouped on the basis of the World Bank's developmental categories 3 : High Income (HIC) with thirty-seven countries, thirty-three Upper Middle Income Countries (UMC), thirty-two Lower Middle Income Countries (LMC), and twenty-one Low Income Countries (LIC). In this way, we 8
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A cursory look at the descriptive statistics presented in Table 1 reveals significant differences between the income groups in both the urbanisation metrics as well as the two human empowerment indices used. For example, for the entire sample of 91 countries, the average percentage of their population living in cities (URB) was 55.4% during the period in question 4 . If one concentrates on the 4. A clarification is in order here. In the World Bank's database, urban population (the variable URB used here) refers 'to people living in urban areas as defined by national statistical offices'. Given the heterogeneous number of countries included in the sample, it is inevitable that there exist significant differences in the standards used by different national authorities to define a place as an urban area. different groups of countries, noteworthy variations are present between the four income categories. The share of population living in urban areas ranges from 77.5% for the high-income group to 22.6% for the low-income sample of countries. The same observation applies for the urban concentration in cities with over one million inhabitants (URBM). As expected, the smallest percentage is observed in the case of the low-income sub-sample of countries. On average, during the period examined here, 8.8% of the population lived in urban agglomerations of more than one million inhabitants in the low-income group compared to 32.4% in the case of the high-income group, 24.6% for the upper middle-income and 16.8% for the lower middle-income countries. Significant ingroup heterogeneity is also present in terms of the size of the urban population. For example, in the high-income group, the minimum value of the URBM metric is found in the case of Poland for 1988 (4.3%) while the maximum (100%) is found in the case of Singapore. Similarly, for the same urbanisation index (i.e. URBM) Nepal has the lowest value in 1981 (1.5%). For the same year but the other urbanisation metric (URB), Rwanda has the lowest share of people living in cities (4.8%).
Important and noteworthy differences and heterogeneity are also observable in the case of the two human empowerment indices. The entire sample average for the period in question is 4.5 and 8.2 for the Physical Integrity Rights Index (PHYS) and Empowerment Rights Index (EMP) respectively. The values of the former range from 0 to 8 while the corresponding range for the latter is 0-14. Not surprisingly, the high-income group scores the best average in both indices 6.5 and 11.1 respectively -followed by the low-income and upper middle-income groups. For these groups the average in PHYS is 3.9 and 3.5 while the respective average scores in the EMP index are 7 for the low income group and 7.3 for the upper middle income. Lastly, the low middle-income scores are PHYS: 3.2 and EMP: 6.3 (Tab. 1.). Looking at the Max and Min values in the relevant table, it is interesting to highlight the fact that both the highest and lowest scores in terms of the two CIRI human empowerment indices (PHYS: 0-8 and EMP: 0-14) are present across all income groups. This indicates major in-group differences in terms of observing human rights. In the high-income group West European countries, the USA and Canada, Japan, Australia, New Zealand, are countries that consistently achieve very high or the highest possible scores in those two CIRI human rights indices. On the other hand, in the same group there are countries that perform poorly in terms of the two human empowerment metrics. For instance, Saudi Arabia achieves a period average of 0.7 in terms of EMP and a score of 4 in terms of PHYS. Similarly, low scores in both or one of the two indices can be found in the case of the United Arab Emirates ( 
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shows the B-splines coefficients. It should be noted that, using ients, we can examine the time-varying causality between the we observe the causality among the covariates (by checking if or not), but we can also study if the causality is time-varying or of coefficients for each B-spline. Moreover, according to A. N. mic VAR of order � � �� � � 3. Additionally, for comparison ausality test is estimated on a ��� � � for a bivariate VAR see: Sato et al. 2007; Ajmi et al. 2015) . However, before we nger causality tests, we have to conduct some preliminary tests ple. In particular, we must identify if the specified time series . Pesaran's (2004) Sato et al. 2007; Ajmi et al. 2015) . However, before we proceed with the estimation of the Granger causality tests, we have to conduct some preliminary tests in order to test the validity of the sample. In particular, we must identify if the specified time series are cross-sectionally dependent. M.H. Pesaran's (2004) cross-sectional dependence test (CD) is used to examine this. Following this, the next step is to determine the order of integration of the covariates by employing M.H. Pesaran's (2007) CIPS unit root test. Table 2 presents the results of the cross-sectional dependence test (Pesaran CD test, column 2). Obviously, the null hypothesis of cross-sectional independence is acceptable at the 1% significance level. Hence, the estimated variables are cross-sectionally dependent. Consequently, we can investigate the degree of integration of the variables involved, i.e. the two metrics of urbanisation (URB and URBM) and the two human empowerment indices (PHYS and EMP). The stationarity test helps ascertain whether the samples contain a unit root in their time-series representations. It should be noted here that we cannot apply the (first-generation) classical unit root tests owing to the fact that they postulate no dependency. This in turns implies possible forecasting errors. Consequently, we employ M.H. Pesaran's (2007) CIPS unit root. The lag length of the test was determined by the AIC statistic. The CIPS unit root is also performed and tabulated in Table 2 (CIPS test, column 3) and rejects the null hypothesis of a unit root and integrated of order one (in differences). This, in turn, signifies that all covariates are integrated of order one I(1).
Following these preliminary tests, we proceed with the estimation of the various causality tests that include dynamic and time-varying tests. The results of the conventional Granger tests are presented in Table 3 . Table  4 presents the findings of the dynamic tests while the results of the time-varying Granger causality tests are shown in Table 5 . We start with a general and overarching observation concerning the findings. In broad terms, they do not unveil a strong, systematic and robust association between urbanisation and human empowerment as encapsulated by the two CIRI variables used in the estimations. On the other hand, however, they do offer evidence in favour of such a positive association, albeit not universally present across all income groups and human rights indicators. Focusing on the results from the estimations where the first of the two urbanisation metrics is used (URB), we can observe that most of the statistically significant coefficients are found in the case of the lower middle-income group of countries. In particular, a fairly consistent and bidirectional nexus is established between this urbanisation metric (URB) and the Empowerment Rights Index (EMP). With the exception of the conventional causality tests (Tab. 3.), all other results indicate a statistically significant nexus between urbanisation and the empowerment index (EMP), a composite index that includes freedom of speech, assembly and association, religion and workers' rights, electoral self-determination and freedom of foreign and domestic movement. As pointed out in a preceding section, cities facilitate organised actions by citizens demanding improvements in human rights such as workers' and women's rights or greater respect for religious and ethnic minorities (Barnett 2014; Glaeser & Steinberg 2017) . A reverse causal ordering is also established between the two variables (URB and EMP) in the case of the lower middle-income group of countries. The results of all three causality tests (conventional, dynamic and time-varying) yield a statistically significant causal ordering from the human empowerment index (EMP) to urbanisation (URB). In many countries, especially states with weak institutions, human rights are not stringently observed in rural areas compared to the cities 7 . The presence of civil society associations, such as trade unions, in urban centres creates 7. Clearly, this is not a universally applicable case. It is a characteristic of institutionally weak states rather than developed democratic countries with strong institutions such as, for example, countries in Europe and North America. The absence of data on human rights in rural vs urban areas does not allow a comparative empirical investigation. a comparatively more protective environment vis-à-vis the countryside. Hence, they act as one of the many urban-pull factors that contribute to the urbanisation trend (Jedwab, Christiaensen & Gindelsky 2017) . Furthermore, in countries other than developed ones, rural areas are usually more vulnerable to the operation of organised crime networks 8 and other illegal activities such as trafficking, narcotics networks, plundering and smuggling. In many developing and low-income countries, law enforcement in rural areas is not as effective as that in urban centres. In addition, the countryside is more often the venue of conflict, insurgencies and armed fighting than cities 9 . As has been shown, conflict, armed insurgencies or the operation of armed crime gangs and terrorism cause displacement and internal and external migration (Ibáñez & Vélez 2008; Balcells & Steele 2016; Borstel, Gobien & Roth 2017; Suzuki 2018) . In comparative terms, in many countries cities offer or are seen to offer a safer and more secure environment where law is better observed and enforced vis-à-vis the countryside. Hence, we tentatively claim that this causal ordering from the human empowerment index (EMP) to urbanisation (URB) in the case of the lower middle-income countries may be picking up this effect. For the rest of the income groups, the results are quite weak. No statistically significant association is established between the two human rights variables (PHYS and EMP) in the case of the high-income and low-income groups. A nexus from 8. On the other hand, it should be pointed out that large urban agglomerations do offer anonymity that is conducive to criminal activity. 9. Examples include past/current insurgencies in a number of Latin American countries (for example FARC in Colombia, Sendero Luminoso in Peru) as well as the presence and operation of drug producing cartels in rural areas. Similarly, in countries such as Nigeria, Afghanistan, and Pakistan rural areas offer safe havens for the operation of terrorist organisations such as Boko Haram and the Taliban. Turning the focus onto the findings when the second urbanisation metric is used (URBM), the results yielded from the estimation are similarly not systematic and do not offer the premises for strong inferences. Just as in the case of the URB metric of urbanisation, they vary between income groups and, as a general observation, they appear to be weaker. A unidirectional causal ordering from EMP to URBM is the only statistically significant finding for the entire sample yielded by the dynamic Granger causality tests as well as by the time-varying ones (Tables and 5 respectively). Once again, the tentative explanation is that human rights are better observed in cities vis-à-vis rural areas and this may positively affect the influx into urban agglomerations. A bidirectional causal nexus is established in the case of the high-income group between URBM and PHYS by the time-varying Granger causality tests reported in Table 5 . A causal ordering from URBM to PHYS is also established by the conventional causality tests (Tab. 3.) and a reverse nexus from PHYS to URBM by the dynamic Granger causality tests (Tab. 4.). In the case of the upper middle-income group of countries, in all three causality test procedures no statistically significant Notes: The values in the table are p-values. The symbols ***, ** and * denote significance at the 1%, 5% and 10% level. The number of lags used to implement the test is equal to one. 
